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Intelligent evaluation method of indoor finishing construction
progress based on image segmentation and positional tracking

LU Yujie***, ZHONG Tao®, WEI Wei, CHEN Jun®
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Shanghai 200092, P. R. China)

Abstract: Construction progress is a key part of project management. Traditional progress management mostly
relies on manual inspection, which is time-consuming and can not guarantee the progress evaluation. In order to
automatically and efficiently monitor construction progress, this article proposed an intelligent framework for
indoor construction progress evaluation. This framework can automatically extract the tile laying progress of
indoor wall and ground based on the improved Mask R-CNN, and map the progress results to the BIM for
visualization using camera tracking algorithm. The framework was successfully applied in a building project in

Shanghai with a high precision of image segmentation, verifying the feasibility of the presented framework. This
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study provides theoretical and practical reference for the automated progress tracking and unmanned

construction progress supervision of indoor continuous space.

Keywords: building information model (BIM), computer version, indoor construction, construction progress;

image segmentation; positional tracking
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Fig. 2 Image distortion correction algorithm
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Fig.4 Data integration and progress update
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Table 2 Visual results of paving progress assessment
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Table 3 Table for calculation of tile laying progress (taking 5 walls and 5 floors as examples)

- FEA B IS WG OB A2 R
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R 1 , SRR, 2) ol I -
T/ m Woifi: (r,y,2,a,8,0) % m % %
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b} 87
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Fig. 10 Progress visualization in BIM model
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