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Study of Intelligent Fault Diagnostic System for a Kind of Power Plant

WU Kaigui' . ZHOU Jia-qi' . ZHAO Peng®, YANG Z/*. XIE Zhao- i
{1. College of Electrical Engineeting, Chongqing University , Chongging 400044, China; 2. College of Business Administra-
tion, Chongqing University, Chongging 400044, China: 3. College of Automation, Chongging University, Chongging 400044,
China}

ABSTRACT: Based on the neural networks. object-oriented technigue, atificial intelligence technique and computer
networks, an intelligent fault diagnosis system of the power plant whose need of the operation is presented. The architecture of
saftware system , hardware system and corresponding databases is designed. The software of collecting data is established. The
mtelligent fault diagnosis system based on nenral networks and object-vriented technique is also developed. The physical sys-
tem operation has been shown that the method mentioned above is feasible and effective in practice.

KEYWORDS: fault diagnosis; computer networks; expert system / object-oriented technique; neural networks

(FiERE FE4)

(L& 3IW)

Applications in Reconstructing Images of the Upper Limbs of Human
Body Using Electrical Impedance Computed Tomography Techniques

YAQ De-gui, ZHOU Shou-chang
( College of Electrical Engineering. Chongging University, Chongging 400044, China)

ABSTRACT: Human body experiment is one of the key problems for the electrical impedance tomogryphy{ EIT) in clini-
cal meaning . In this paper an orbicular passive 32-electrode system which is suited for the upper limbs is developed, and the
mathematical model for EIT 10 solve inverse problem is given . After testing many upper arms or forearms of persons, the anthor
have reconstructed the images which are distint to distinguish skeleton from muscle.

KEYWORDS: electrical impedance; electrodes / upper limbs of human hody; electrical impedence computed tomogra-
phy
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