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Abstract: Aimming at the fault diagnosis of urban water supply pipeline network, an indoor experiment model of

water supply pipeline network was designed. After the feature vector and nuclear function parameter were confirmed,

the method for locating the bursting point of water supply pipeline network was discussed with small swatch data

through testing the change of hydraulic pressure and utilizing the pattern recognition function of support vector machine

(SVM) based on the theory of structural risk minimization. On the basis of the same experiment testing data, the fault

diagnosis method of water supply pipeline network based on SVM was tested and compared with the method based on

artificial neural network (ANN). The numerical example indicates that the fault diagnosis method based on SVM is

more precise than the method based on ANN.
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15 53 74 21 0.284
16 49 69 20 0. 290
17 50 65 15 0. 231
18 57 71 14 0. 197
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