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A Sort of New SVM

YANG Qiang', WU Zhong-fu', YU Ping’, ZHONG Jiang'

(1. College of Computer, Chongqing University, Chongqing 400030, China;
2. Dept of Computer, Yancheng Normal College, Yancheng 224002, China)

Abstract; The SVM ’s general theorm and shortcoming in resistance desturbance and noise is discussed. The authors
find that these shortcoming which is caused by the traditional separating hyperplane. They also present a define, which
is called as adjustable separating hyperplane. Basing the adjustable separating hyperplane, a new sort of SVM is set up,
and corresponding quadratic programming dual objective function is obtained as well. Simulation results of artificial and
real data show that the sort of SVM based on adjustable margin has less number of support vectors and better generating
ability than L1-SVM. So, the sort of SVM has some meaning of theory and realism.
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