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Application of data mining method in power load bad data intelligent

identification and correction
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Abstract: There is a number of bad data in the load database produced, thus the data must be cleaned before

it is used to forecasting electric load or performing power system analysis. The WKFCM measures distance

by kernel functions instead of the complicated Euclidean distance and this kernel based distance is used as

dissimilarity function of target clustering formula which can reduce the calculation complexity. After the

clustering, a super circle covering neural network based identification model for load data is proposed, and

the bad data is modified. It is proved that the proposed data processing model has good effect.
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