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View-driven flow data oriented real-time

processing and service system
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Abstract: The processing requirements of these data are also complex and changeable. The business
personnel need to carry out corresponding algorithm customization, which involves not only relevant
programming knowledge, but also cumbersome processing flow and lengthy development cycle. In order to
solve the above problems, this paper designed and implemented a stream data processing and service
system based on process modeling, which provided real-time access to multi-source stream data, stream
data service and stream data processing service. The system encapsulated the stream data processing
process into a service provided to the user, allowing the user to drag and drop the combined stream data
processing and service module, configure relevant parameters, define the process of stream data processing
and service, and implement stream data processing and service-oriented tasks quickly and naturally. The

processing results were pushed to other application systems in real time through service routes to meet
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different business needs. Case studies show that the system is more efficient, flexible, and configurable
than traditional streaming data processing systems, and has advantages in terms of usability, availability,
and scalability.

Keywords: stream data; view driver; real-time processing; rule engine; service
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Fig. 1 The function module diagram of the system
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Fig. 2 System architecture diagram

Yy PRZ S BT IR R B M A O IR 5 WY L sh A YT R AR A TR L — 2 th T I A B B B BRI

e 55 2 A H ) 802 MBS TR O B JEAR SR 4% . Fe VR P 1 2E A U R Ak BT Cln i g LR
Ve 2 WA ISR 2 SO AL BRI B, E B OGS R TP Mk s 5 BB A 240 DRk 3 SR s 3
TRBHE AL B AT 55, FRs Ak B 25 5 8 20 IR 45 (REST , WebSocket %) #2145 FH /1, SR 55 1k 19 1 sh Ak 58 1.

JO7 P2 2 R R B LA T LU B 0 B0 A BE P 65 A9l 55 2R 40, 40 45 56 I B0 o0 i L 5 AR N L < ik A2 )
S5 R Y S I [ A L 55

g5 Tk YR B R S AR B 1 8 (Zookeeper , Kafka, Flink %) , B 2 32 2202 7T L ffi i & 45 &b
HEE R — L8V 55 R G0, MR 55 )2 0 RGO . RGERY E 2 TARR MRS 2 DL L W B2 5 0 19 T AR L il
% JE E W LA BB,

2 REZEIM

2.1 BWREITS5XH
S 1 RIE TR RGNS UL EGE AT IR AR o T T 20 0 A 28 DR TR AR U A A | A | R e



78 TR K FFHK % 43 %

AR S Kb RS R AR 55 A AL B A VR AR R R BT T SRR R AR . R G R E AR AT 3 TR

q} BREAR . BiEplER

_— e ——— — — — — — —

_
|

| < >ﬂﬁ%m{

| m @@@@ ||:;]ﬂﬁ%m(.®®@ |
|

|

|

|

@ XML, Json BHERR

> b mswm []

—_— e, —— e ——— e — —

Bk <:ﬁﬁ %ﬁ

Ew%Fj
HL%E i
T T (G @D EPoooo )

ﬁ%ﬁAﬁ
(w |

B3 EHREME
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Fig. 7 Anomaly detection results
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Fig. 8 Real-time anomaly detection
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