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Path planning of mobile robots based on improved algorithm

XIE Chongchong , LI Ying
(School of Mechanical and Electrical Engineering, Kunming University of Science and Technology,
Kunming 650504, P. R. China)

Abstract: In order to make full use of the advantages of genetic algorithm and the whale method in the
algorithm, the improved genetic algorithm is integrated with the whale method to enhance the adaptability
of the mobile robot path planning to the dynamic environment. By optimizing the fitness function of the
algorithm, the basic genetic algorithm is improved so that the solving speed of the original algorithm is
improved. Compared the path length and running time of the three algorithms: genetic algorithm,
improved genetic algorithm and improved genetic whale algorithm, the results show that the improved
genetic whale algorithm can continuously extract the optimal operator, reduce the number of iterations,
and improve the accuracy of path planning.
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Fig. 2 Comparison of the path simulation of three algorithms in static environment
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Table 1 Comparison of displacement and time of three algorithms
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Fig. 4 Comparison of the path simulation of three algorithms in dynamic environment
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Table 2 Comparison of displacement and time
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